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Show Me My Health Plans: a study protocol
of a randomized trial testing a decision
support tool for the federal health
insurance marketplace in Missouri
Mary C. Politi1*, Abigail R. Barker2, Kimberly A. Kaphingst3, Timothy McBride2, Enbal Shacham4
and Carey S. Kebodeaux1

Abstract
Background: The implementation of the ACA has improved access to quality health insurance, a necessary first
step to improving health outcomes. However, access must be supplemented by education to help individuals make
informed choices for plans that meet their individual financial and health needs.
Methods/Design: Drawing on a model of information processing and on prior research, we developed a health
insurance decision support tool called Show Me My Health Plans. Developed with extensive stakeholder input, the
current tool (1) simplifies information through plain language and graphics in an educational component; (2) assesses
and reviews knowledge interactively to ensure comprehension of key material; (3) incorporates individual and/or family
health status to personalize out-of-pocket cost estimates; (4) assesses preferences for plan features; and (5) helps
individuals weigh information appropriate to their interests and needs through a summary page with “good fit” plans
generated from a tailored algorithm. The current study will evaluate whether the online decision support tool improves
health insurance decisions compared to a usual care condition (the healthcare.gov marketplace website). The trial will
include 362 individuals (181 in each group) from rural, suburban, and urban settings within a 90 mile radius around St.
Louis. Eligibility criteria includes English-speaking individuals 18–64 years old who are eligible for the ACA marketplace
plans. They will be computer randomized to view the intervention or usual care condition.
Discussion: Presenting individuals with options that they can understand tailored to their needs and preferences
could help improve decision quality. By helping individuals narrow down the complexity of health insurance plan
options, decision support tools such as this one could prepare individuals to better navigate enrollment in a plan that
meets their individual needs. The randomized trial was registered in clinicaltrials.gov (NCT02522624) on August 6, 2015.
Keywords: Health insurance, Health literacy, Decision aids, Decision support, Health communication

Background
Since the implementation of the Affordable Care Act
(ACA), approximately 7 million individuals have enrolled in the ACA marketplace [1]. Providing access to
quality health insurance is a necessary first step to
improving health outcomes among the previously uninsured or underinsured. However, access needs to be
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supplemented by education about how to select a plan
that best meets one’s individual financial and health
needs.
The majority of individuals who enroll in the marketplace struggle to make sense of the complex information
necessary to make an informed plan choice. Most individuals have limited health insurance literacy, and only
about 24 % of individuals feel confident that they understand health insurance concepts and terms [2, 3]. As a
result, in one study examining marketplace enrollment,
only 50 % of consumers chose a plan that offered
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acceptable coverage for their health status [4]. Recent
data demonstrates that almost a quarter of individuals
who enrolled in the ACA marketplace chose high deductible plans without a health savings account [5].
Given that the population of individuals served by the
ACA marketplace is disproportionately low-income,
high deductible plans could leave them with enormous out-of-pocket expenses that they are unable to
pay. Our own research suggests that individuals
attend primarily to insurance premiums and do not
always consider or understand the importance of deductibles, formularies, and out-of-pocket maximums
in making their choices [6, 7].
Understanding insurance plan information is more
challenging for those with limited health literacy and numeracy skills given the numeric calculations required to
estimate out-of-pocket costs across plans [1]. Consumers
find it difficult to decipher the language and compare
values in traditional health plan summaries [8]. Our
formative work showed that individuals with limited
health literacy and numeracy skills have difficulty interpreting information presented in insurance plans even
when presented in plain language summaries of this
information [9]. When individuals do not understand
information, they are more likely to ignore it [10]
even when it is critical to their decision.
Information processing models suggest that individuals
can only process information using a limited number of
variables at any given time before they experience cognitive overload, especially in new situations in which they
are faced with complex and unfamiliar information [11].
In addition, individuals are often forced to make tradeoffs among factors (e.g., cost of a premium vs. cost of a
deductible) as they sort through their choices. When
trade-offs are difficult to make, individuals often take
mental short-cuts to facilitate decision making, such as
choosing one single factor to dominate the decision (e.g.,
premium cost), even if that short-cut is not in the individual’s best interest [12].
A recent report from the Robert Wood Johnson
Foundation [Plan Choice Decision Support [13] outlines
current health plan decision support needs, as well as
solutions and important innovation breakthroughs. The
report calls for the development of a health insurance
decision support tool and highlights three critical components this tool would need to include: 1) estimating
yearly out-of-pocket costs for users; 2) eliciting user
needs and preferences; and 3) guiding users to plan options that match their use and preferences. In this study,
we developed a health insurance decision support tool
for individuals living in Missouri enrolling in the federal
marketplace. Our tool is based on a model of information
processing and empirical research on decision-making
[14] and addresses each of the critical components of
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health insurance decision needs specified in the Robert
Wood Johnson report. Our health insurance decision support tool called Show Me My Health Plans [see Fig. 1]:
1. Simplifies information to reduce the cognitive
burden on individuals by using plain language and
graphics, and it provides a step-by-step process for
thinking about health insurance;
2. Assesses knowledge and provides interactive
feedback to users to ensure comprehension of key
information;
3. Makes information relevant to the user by asking them
about their age, county of residence, current health
status, family members’ ages and health status if
covering family members, and estimates out-of-pocket
costs across plans based on national estimates of how
much care individuals use across various ages and
conditions;
4. Assesses preferences for insurance features;
5. Helps individuals use and weigh information
appropriate to their interests and needs by creating a
summary page that displays health insurance plan
information for their county by estimated annual
out-of-pocket costs. It also displays three “good fit”
plans based on their preferences, health status, and
the annual estimated out-of-pocket costs.
This manuscript describes the process for developing
this health insurance decision support tool and our
study protocol for our randomized trial evaluating the
tool during the fall open enrollment. The randomized
trial is registered in clinicaltrials.gov (NCT02522624).

Methods
Our earlier work tested ways to present information to
uninsured individuals who were eligible for the ACA exchange plans. Our initial paper-based strategies included
1) a plain language table, “layering” information with
basic facts preceding more specific details and using language from individuals’ own words from our qualitative
study; 2) a visual condition helping individuals to distinguish among plan details and to process information in
smaller pieces without looking at it all at once; and 3) a
narrative condition enhancing relevance to users, helping them identify specific details that matter most to
them through personal stories. We tested these strategies in a randomized experiment, using three hypothetical plans based on the MA Commonwealth plans (since
we developed the initial strategies before the ACA exchanges were released). In all three conditions, participants made value-consistent choices, choosing plans
that matched their stated preferences for insurance features. Those with higher health literacy skills were more
knowledgeable and had a preference for the preference
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Fig. 1 Screenshots from Show Me My Health Plans. Our final card sorting feature uses an algorithm to predict annual expenditures based on
MEPS data and the plan details in the ACA marketplace plans available in their county. It also shows them features of the top plans that are
personalized to their annual expenditures plus preferences. They can save plans to favorites and see all plans available to them if they want to
trade off more coverage at a higher cost, for example, but our algorithm sorts them by annual plan cost to them/their families (also factoring in
potential financial risks based on number of health conditions and the probability that they might incur very high costs associated with them in
any given calendar year)

Politi et al. BMC Health Services Research (2016) 16:55

for plain language table over other conditions. Those
with lower health literacy skills showed no preference
for study condition [9].
In the current ongoing study, to develop the tool, we
(1) engaged stakeholders to determine how to modify
the previous decision support strategies; (2) programmed the successful elements from our strategies
(e.g., plain language summaries, with new graphics
responding to stakeholder feedback) into an tool online,
removing narrative information based on stakeholder
feedback and our earlier data and undergoing an
iterative process for editing language based on principles
of health literacy and health communication; (3) incorporated individual and/or family health status to
personalize estimated out-of-pocket costs across ACA
marketplace plans; and (4) assessed user preferences for
health insurance features. We are testing whether our
decision tool and the algorithm that predicts which
plans might be a good fit for individuals based on their
health status and preferences improves health insurance
decisions compared to usual care (the healthcare.gov
marketplace website).
The trial will include 362 individuals (181 in each
group, decision tool or usual care) from rural, suburban,
and urban settings in MO counties within 90-miles of
St. Louis. They will be computer randomized to view the
intervention or usual care condition. Eligibility criteria
include English speaking individuals 18–64 years old
who are eligible for the ACA marketplace plans. Recruitment will occur between October 2015 and February
2016. Individuals enrolled prior to 2016 open enrollment
(November 1, 2015) will view the 2015 plan data in both
the intervention and usual care condition to help prepare them for future enrollment. The decision tool
was updated when the 2016 data became available
(November 1, 2015). Figure 2 shows a study flow
chart; we will follow CONSORT guidelines for the design and reporting of results.
Participants will complete the study and survey online
prior to enrolling either on their own or with a certified
application counselor or insurance broker. Participation
lasts approximately 30–40 min; there is no follow-up
period. Participants will receive a $20 gift card as
compensation for their time. The study was approved by
the Human Research Protection Office (HRPO) at
Washington University in St. Louis.
Estimating annual out-of-pocket costs

In order to personalize estimated health spending per
calendar year, we derived estimates from The Medical
Expenditure Panel Survey (MEPS). MEPS began collecting data in 1996 and is a set of large-scale surveys of
families and individuals, their medical providers, and
employers across the U.S. MEPS collects data on the
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specific health services that Americans use, how frequently they use them, the cost of these services, and
how they are paid for, as well as data on the cost, scope,
and breadth of health insurance held by and available to
workers. The MEPS Household Component provides
data from individual households and their members,
which is supplemented by data from their medical providers. It fields questionnaires to individual household
members to collect nationally representative data on
demographic characteristics, health conditions, health
status, use of medical care services, charges and payments, access to care, satisfaction with care, health insurance coverage, income, and employment.
MEPS health conditions are fully-specified ICD-9-CM
codes. They are determined through the interview
process by probing respondents’ answers to questions in
the categories of (1) condition enumeration, (2) medical
events, and (3) disability days and are professionally
coded. The MEPS design is one of overlapping panels, in
which respondents participate for 2 years, but medical
conditions files are available for each calendar year. They
contain data on about 35,000 people per year, half of
whom are new to the sample each year. Merging several
years of data can easily generate expenditure data on
100,000 unique individuals.
We used MEPS data to estimate health spending
per calendar year for those with either no medical
conditions, or one or more of the following common
or costly medical conditions: 1) Arthritis; 2) Musculoskeletal Conditions; 3) chronic obstructive pulmonary
disease (COPD); 4) Asthma; 5) Cancer; 6) Diabetes; 7)
Depression; 8) Anxiety; 9) Other Mental Illness; 10)
Stroke; 11) Hypertension; 12) Heart Condition; 13)
Epilepsy; 14) Attention Deficit Hyperactivity Disorder
(ADHD). We also estimate spending by age and gender.
Algorithm

The method for estimating an individual’s or family’s expected out-of-pocket costs has several steps. MEPS data
are used to estimate a two-stage model because many
individuals actually incur no costs at all during a calendar year. The model estimates first the probability of incurring any positive amount of costs, based upon the
presence of the conditions as well as age and gender,
and it then estimates the size of these costs based upon
the same variables (and conditional upon incurring costs
at all). The resulting value is called the “expected costs”
for the individual, and it is compared against the specific
details of each plan being assessed. For example, if the
expected costs are below a plan’s deductible, we assume
that the individual will be responsible for all of those
costs. If the expected costs fall in between a plan’s
deductible and its out-of-pocket maximum, we use
additional MEPS data to estimate the likely mix of
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Fig. 2 Planned study flow diagram

healthcare services the individual will utilize and then
apply the plan’s cost-sharing information to obtain an
estimate of the out-of-pocket costs to the individual. If
the expected costs fall above the plan’s out-of-pocket
maximum, then we assume that the dollar amount of
the out-of-pocket maximum will be paid by the
individual.
The above algorithm is fairly straightforward, but
it does not, by itself, yield the best recommendations
for health insurance plans. Health insurance is, by
its nature, a product that does not benefit its consumers in terms of expected values or averages. Individuals benefit from health insurance mainly because
it shields them from the risk of incurring expenses
that they do not expect. Thus, it was necessary to
add risk-adjustment factors to the algorithm in order
to generate an appropriate set of recommendations
for individuals with chronic conditions. This part of

the algorithm sorts the plans pairwise, comparing
them two at a time until it has ordered them all.
For example, if we compare a more expensive plan
with better coverage to a less expensive plan with
less coverage, we will score the more expensive one
more highly if it allows the individual to avoid a significant risk of being responsible for large medical
bills while only paying a slightly higher premium.
The way this risk is assessed depends upon the individual’s age, gender, and conditions, so individuals
with a higher risk of large medical bills might be directed toward silver and gold plans as “best fit”
plans, even when a simple comparison of expected
costs might not support that recommendation initially. Individuals viewing the information will be
able to see all plans sorted by lowest to highest annual cost, as well as three “good fit” plans based on
this algorithmic prediction.
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ACA marketplace data

Our decision tool asks participants about their incomes,
their county of residence, and the ages and tobacco use
status of all family members for whom coverage is being
sought. These are the factors which will affect the
premiums charged. We use ACA Health Insurance
Marketplace data on plans offered in Missouri by
county, which specifies the premium of each plan as well
as detailed cost sharing information (copays, coinsurance, deductibles, etc.). The file also contains information on the reduced cost sharing (lower copays, etc.)
available to those whose incomes are near the Federal
Poverty Level (FPL). All plans are scored by metal level
(bronze, silver, gold, and platinum), with these levels being required to deliver a certain amount of value to the
average consumer. Under reduced cost-sharing provisions, the required value is higher for those with incomes nearest the FPL, but only when they purchase
silver plans. We use individuals’ income information to
extract the relevant offerings and all associated parameters from the federal plan file.
Additionally, individuals with incomes between 100 %
and 400 % FPL are eligible for subsidies on a sliding
scale. The subsidy is based upon the price of the secondlowest silver plan being sold in that individual’s county:
if the second-lowest silver plan costs more than a certain
percentage of income, then whatever additional amount
is needed to purchase that plan is the amount of the
subsidy. That amount can be applied to the purchase of
any plan, not just the second-lowest silver one. This cap
on spending is applied at the family level.
Finally, the ACA allows for a tobacco surcharge on
premiums of up to 50 %. Issuers vary on the degree to
which they assess this surcharge and on how they implement it in families where some members smoke and
others do not, so we manually obtained information on
each firm participating in Missouri marketplaces and
added it to the calculation. The tobacco surcharge is not
included in subsidy calculations, i.e., the cap is determined by comparing the second-lowest silver notobacco premium to the family’s income.
Outcomes

Our primary outcomes are knowledge, decision selfefficacy, and confidence in health insurance plan choice.
To measure knowledge, we will use the health insurance
knowledge questions we developed and tested in our
earlier work [9]. These items were initially developed
based on standard decision tool measures [15]. We developed items based on information that is essential to
making a health plan decision (e.g., understanding key
terms, or understanding facts that differentiate options),
and then modified them with participant feedback and
pilot testing. Response options include true/ false/ unsure.
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Total number of correct responses to the true/false/
unsure items are calculated. Cronbach’s alpha for
knowledge items in our earlier sample (N = 343) was
0.61.
To assess decision self-efficacy, we will use the lower
literacy version of the Decision Self-Efficacy Scale [16], a
validated measure of an individual’s self-confidence or
belief in their ability to make a decision. Individuals are
asked to rate on a three-item scale how confident they
feel taking actions involved in making an informed
choice (e.g., gathering information, asking questions, expressing opinions, seeking advice). This scale has been
validated among individuals with schizophrenia and
osteoporosis, and has been used to study health literacy
and shared decision making among cancer patients,
lower SES populations, and postmenopausal women,
among others [16–19]. It has high levels of internal
consistency (mean Cronbach’s alpha = 0.86) [16]. It is
correlated with scales assessing feeling informed, supported, and knowledgeable about decisions [16].
To measure confidence in choice, we will use the
lower literacy version of the validated Decisional Conflict Scale [20, 21] (DCS) to assess whether individuals
feel they have enough information to make a choice,
whether they are clear about which choice to make, and
whether they felt confident in their ability to make a
good decision. Studies have found the DCS to have
strong reliability with alphas ranging from 0.78 to 0.96
[21–23]. Cronbach’s alpha for this measure in our earlier
work studying uninsured participants (N = 343) was
0.74.
We will also measure choice, tool use (page visits, time
on each page, time to complete the tool, differential attention to content by sociodemographics), and satisfaction with the information presented in both the
intervention and control conditions.

Discussion
Many consumers apply for help with certified application counselors or navigators to facilitate insurance decisions. However, our prior work demonstrated that even
highly educated, trained application counselors struggle
to simplify the complexity of health insurance plan
choices. Decision support tools should be employed to
help present users with options that they can understand, tailored to their needs and preferences. These
tools can be used prior to meeting with an application
counselor, during a visit with an application counselor,
or after meeting with an application counselor.
Several tools are already being developed, including
some developed by private companies, some statespecific tools based on the federal “insurance checkbook,” and a new out-of-pocket cost calculator available
on healthcare.gov. Our tool, Show Me My Health Plans,
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goes further than these tools by pulling in data from the
Medical Expenditure Panel Survey (MEPS) and creating
a tailoring algorithm to estimate yearly out-of-pocket expenditures personalized to individuals and families. Our
code and algorithm will be open source so that others
can use it and modify it as appropriate.
We will work closely with state level groups (e.g.,
the Cover MO Coalition, MO Health Net, Missouri
Foundation for Health, Health Literacy Missouri) to
disseminate our findings. Stakeholders (certified application counselors, policy makers, uninsured participants)
will be asked both open-ended and closed-ended questions in order to gather feedback about delivering the tool
in community settings beyond the duration of this proposal to ensure broader applicability of our tool. We will
develop electronic communication strategies and host
webinars to facilitate rapid dissemination [24] and
maximize the usefulness of these findings in ongoing
policy discussions.
This study can identify particular characteristics of individuals or groups that might face problems accessing
and understanding information in the health insurance
marketplace. They would therefore be less likely to take
up health insurance, creating the possibility of adverse
selection in health insurance markets. The findings from
this study can lead to specific suggestions on ways to
make health care information accessible and informative
to the previously uninsured.
Abbreviations
ACA: Affordable Care Act; ADHD: attention deficit hyperactivity disorder;
COPD: chronic obstructive pulmonary disease; FPL: federal poverty level;
MEPS: Medical Expenditure Panel Survey.
Competing interests
MCP is a consultant for Merck & Co and has an investigator initiated grant
from Merck & Co, both on topics unrelated to this manuscript.
Authors’ contributions
MCP is the PI of the study, leading the study design, tool development, and
project implementation. ARB contributed the development of the algorithm for
the decision tool and MEPS calculations. KAK contributed to the development of
the study design, educational component of the tool, and evaluative measures.
TM supervised ARB in the algorithm and MEPS analyses. ES reviewed and
provided comments on the study design and decision tool. CSK contributed to
the study implementation. All authors read and approved the final manuscript.
Authors’ information
MCP is an Associate Professor at Washington University in the Division of
Public Health Sciences whose research focuses on shared decision making
and health communication about complex medical decisions.
ARB is a health economist and statistical analyst at the Brown School of
Social Work at Washington University. ARB has extensive experience in
working with MEPS data.
KAK is a Professor at the University of Utah whose research focuses on
health literacy and health communication, particularly as they relate to
communicating genetic and genomic information.
TM is a Professor and health economist at the Brown School of Social Work
at Washington University whose research focuses on rural health care, health
insurance, health economics and access to health care.

Page 7 of 8

ES is an Associate Professor at St Louis University College for Public Health
and Social Justice who studies neighborhood conditions and how they
influence health behaviors.
CSK is research staff member working with MCP on communication,
outreach and engagement with community partners and research
participants.
Acknowledgements
Research reported in this project was supported by the National Institute on
Minority Health and Health Disparities (NIMHD) of the National Institutes of
Health (NIH) under Award Number R01MD008808. The content is solely the
responsibility of the authors and does not necessarily represent the official
views of the NIH. The authors would like to acknowledge and thank Hannah
Perkins, MPA, Sydney Philpott, BS, Karishma Furtado, MPH, Marie Kuzemchak,
Norah Rast, Brianna Cusanno, Ellen Peters, PhD, Peter Ubel, MD, MPH,
Matthew W Kreuter, PhD, MPH, Esther Lu, PhD, and the Center for Health
Communications Research at the University of Michigan (PI: Lawrence An,
MD) for their support on the design of this project.
Author details
1
Division of Public Health Sciences, Department of Surgery, Washington
University in St. Louis School of Medicine, St. Louis, USA. 2George Warren
Brown School of Social Work, Washington University in St. Louis, St. Louis,
USA. 3Department of Communication, Huntsman Cancer Institute, University
of Utah, Salt Lake City, USA. 4College for Public Health and Social Justice,
Saint Louis University, Saint Louis, USA.
Received: 17 November 2015 Accepted: 11 February 2016

References
1. Levitt L. JAMA Forum: Why Health Insurance Literacy Matters. JAMA 2014;
Accessed October 28, 2015 from http://newsatjama.jama.com/2014/11/26/
jama-forum-why-health-insurance-literacy-matters/.
2. Consumers Union UoMCP, and American Institute for Research,. A
Report from the Health Insurance Literacy Expert Roundtable: Measuring
Health Insurance Literacy: A Call To Action. Accessed January 23, 2014
from http://consumersunion.org/pub/Health_Insurance_Literacy_
Roundtable_rpt.pdf 2014.
3. Long SK, Kenney GM, Zuckerman S, et al. The health reform monitoring
survey: Addressing data gaps to provide timely insights into the Affordable
Care Act. Health Aff. 2014;33:161–7.
4. Barnes AJ HY, Rice T. Determinants of coverage decisions in health
insurance marketplaces: consumers’ decision-making abilities and the
amoung of information in their choice environment. Health Serv Res.
2015;50(1):58–80.
5. Cohen RM, ME. Health Insurance Coverage: early release of estimates from
the national health interview survey, January-March 2015. In National Health
Interview Survey. Center for Disease Control 2015.
6. Politi MC, Kaphingst KA, Kreuter M, et al. Knowledge of health insurance
terminology and details among the uninsured. Med Care Res Rev.
2014;71:85–98.
7. Long SKS, A; Politi MC. Low levels of self-reported literacy and numeracy
create barriers to obtaining and using health insurance coverage. In The
Urban Institute Health Reform Monitoring Survey Policy Brief. 2014.
8. Quincy L. What’s Behind the Door: Consumers’ Difficulties Selecting Health
Insurance. Consumers Union 2012; Accessed February 7, 2014 from http://
consumersunion.org/research/whats-behind-the-door-consumer-difficultiesselecting-health-plans/.
9. Politi MC, Kaphingst KA, Liu JE, Perkins H, Furtado K, Kreuter MW, Shacham
E, McBride T. A randomized trial examining three strategies for supporting
health insurance decisions among the uninsured. Med Decis Making. 2015.
[Epub ahead of print].
10. Hibbard JH, Slovic P, Jewett JJ. Informing consumer decisions in health care:
Implications from decision-making research. Milbank Q. 1997;75:395–414.
11. Peters E, Dieckmann N, Dixon A, et al. Less is more in presenting quality
information to consumers. Med Care Res Rev. 2007;64:169–90.
12. Hibbard JH, Jewett JJ, Engelmann S, Tusler M. Can Medicare beneficiaries
make informed choices? Health Aff. 1998;17:181–93.
13. von Glahn T. Plan Choice Decision Support. New Jersey, USA: Robert Wood
Johnson Foundation; 2015.

Politi et al. BMC Health Services Research (2016) 16:55

Page 8 of 8

14. Hibbard JH, Peters E. Supporting informed consumer health care decisions:
data presentation approaches that facilitate the use of information in
choice. Annu Rev Public Health. 2003;24:413–33.
15. O’Connor AM. Sample Tool: Knowledge. Accessed May 3, 2013 from http://
decisionaid.ohri.ca/docs/develop/Tools/Knowledge_Tamoxifen.pdf 1999.
16. O’Connor AM. User Manual Decision Self-Efficacy Scale. Available from
http://decisionaid.ohri.ca/docs/develop/User_Manuals/UM_Decision_
SelfEfficacy.pdf 1995 (modified 2002).
17. Cranney A, O’Connor AM, Jacobsen MJ, et al. Development and pilot testing
of a decision aid for postmenopausal women with osteoporosis. Patient
Educ Couns. 2002;47:247–55.
18. Deen D, Lu WH, Weintraub MR, et al. The impact of different modalities for
activating patients in a community health center setting. Patient Educ
Couns. 2012;89:178–83.
19. Torres RY, Marks R. Relationships among health literacy, knowledge about
hormone therapy, self-efficacy, and decision-making among
postmenopausal health. J Health Commun. 2009;14:43–55.
20. O’Connor AM. Validation of a decisional conflict scale. Med Decis Mak.
1995;15:25–30.
21. Linder SK, Swank PR, Vernon SW, et al. Validity of a low literacy version of
the Decisional Conflict Scale. Patient Educ Couns. 2011;85:521–4.
22. Song MK, Sereika SM. An evaluation of the Decisional Conflict Scale for
measuring the quality of end-of-life decision making. Patient Educ Couns.
2006;61:397–404.
23. Katapodi MC, Munro ML, Pierce PF, Williams RA. Psychometric testing of the
decisional conflict scale: genetic testing hereditary breast and ovarian
cancer. Nurs Res. 2011;60:368–77.
24. O’Donnell S, Cranney A, Jacobsen MJ, et al. Understanding and overcoming
the barriers of implementing patient decision aids in clinical practice. J Eval
Clin Pract. 2006;12:174–81.

Submit your next manuscript to BioMed Central
and we will help you at every step:
• We accept pre-submission inquiries
• Our selector tool helps you to find the most relevant journal
• We provide round the clock customer support
• Convenient online submission
• Thorough peer review
• Inclusion in PubMed and all major indexing services
• Maximum visibility for your research
Submit your manuscript at
www.biomedcentral.com/submit

